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log$S MinAbsPaNumRadic HeavyAtot MaxAbsES MaxAbsPe MaxEStatt MinPartia ExactMolV MolWt NumValer MinEState M

CC(N)=0 1.58 0.21379 0 54,028 9.222222 0.369921 9.222222 -0.36992 59.03711 59.068 24 -0.33333 C
CNN 1.34 0.001725 0 40.025 4.597222 0.271722 4.597222 -0.27172 46.0531 46.073 20 1.652778 1
CC(=0)0 1.22 0.299685 0 56.02 9 0.481433 9 -0.48143 60.02113 60.052 24 -0.83333 C
C1CCNC1 1.15 0.004845 0 62.051 3.222222 0.316731 3.222222 -0.31673 71.0735 71.123 30 1.25

NC(=0)NO 1.12 0.335391 0 72.023 9.229167 0.349891 9.229167 -0.34989 76.02728 76.055 30 -0.93981 C
OCC(0)CO 1.12 0.100047 0 84.03 8.166667 0.393593 8.166667 -0.39359 92.04734 92.094 38  -0.9537 C
CC(=0)N(C)C 1.11 0.218425 0 78.05 10.06944 0.349064 10.06944 -0.34906 87.06841 87.122 36 0.092593 (
cleenncel 1.1 0.049569 0 76.058 3.534722 0.159176 3.534722 -0.15918 80.03745 80.09 30 1.638889 1
clenencl 1.1 0.114757 0 76.058 3.673611 0.244832 3.673611 -0.24483 80.03745 80.09 30 15

OCC(0)C(0)C(0)C 1.09 0.110579 0 168.06  8.95662 0.393579 8.95662 -0.39358 182.079 182.172 74 -1.66931 C
CC(N)CC(=0)0O 1.08 0.304406 0 94.049 9.729722 0.481188 9.729722 -0.48119 103.0633 103.121 42 -0.83796 C
C1CNCCN1 1.07 0.007723 0 76.058 3.2222272 0.314206 3.2222272 -0.31421 86.0844 86.138 36 1.138889 1
C1CCNCC1 1.07 0.004891 0 74.062 3.284722 0.316733 3.284722 -0.31673 85.08915 85.15 36 1.25

Oclccncecl 1.02 0.118146 0 90.061 8.592222 0.50785 8.592222 -0.50785 95.03711 95.101 36 0.259259 (
Oclcceenl 1.02 0.210156 0 90.061 8521111 0.493268 8.521111 -0.49327 95.03711 95.101 36 0.071759 C
0=C(0)CCCC(=0; 1 0.302856 0 124.051 9.787862 0.48123 9.787862 -0.48123 132.0423 132.115 52 -0.94792 (
CN1CCOCC1 1 0.05935 0 90.061 5.098194 0.378793 5.098194 -0.37879 101.0841 101.149 42 0913194 C
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v'Generative Topographic Mapping (GTM) [1]
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[1] C.M. Bishop, M. Svensén, C.K.I. Williams,Neural Comput. 1998, 10, 215-234.
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v'Generative Topographic Mapping-Multiple Linear
Regression (GTM-MLR)

v'Generative Topographic Mapping Regression (GTMR)
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v GitHub: https://github.com/hkaneko1985/gtm-generativetopographicmapping

(CCPython, MATLABO— Rz FH
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- sklearn.datasets.make_swiss_roll
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e S-curve
- sklearn.datasets.make_s curve

y =arcsin(x,) +log(x,) —0.5%,* +5
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GTMYYI LD

6 0.7.0 1.32 -0.31 -0.59 -0.17/ 6.1

GTMR -1 -0.59 1.08 -1.82 0.52 0.52 —-1.0

-5 -0.31 0.07 194 093 -0.10 —5.1
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Hyperparameter Candidate

Number of RBFs p0.5 2/ 4/ seay 18/ 20
Variance of each RBF o 272,274, ..., 22, 23

Regularization coefficient A 0, 104, 1073, 102, 10!
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e k3n-error [1] MER/IMIRBLDIC
- k3n-error: https://datachemeng.com/k3nerror/

vGTMR
e 2-fold /OR/NUFT =3280 r2 hEKICRDEIIC

[1] H. Kaneko, Chemom. Intell. Lab. Syst., 176, 22-33, 2018.
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v{5) 3-fold JO0X/\UF—23> (Cross-Validation, CV)
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