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Gaussian Process Latent
Variable Model (GPLVM)
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https://datachemeng.com/gaussianmixturemodel/
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v GPLVM
* GPy (Python): https://sheffieldml.github.10/GPy/
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e vargplvm (MATLAB): https://github.com/SheftieldML/vargplvm

viwMM

* warped-mixtures(MATLAB):
https://github.com/duvenaud/warped-mixtures

v GPDM
* http://www.dgp.toronto.edu/~ymwang/gpdm/ (MATLAB)




